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In the context of international economic integration and globalization, new challenges and require-
ments emerge, necessitating a fundamental transformation of existing conditions within production
organizations. It becomes crucial to effectively utilize production resources, automate business
processes, and achieve a high level of integration with customers and business partners to create new
values. Traditionally, customer feedback is collected through questionnaires, and sentiment analysis,
primarily classifying sentiments as positive or negative, becomes pivotal. However, companies often
overlook the importance of neutral opinions. This paper presents the outcomes of our research in
this domain, showcasing an information system designed using Microsoft Power Platform and Azure
SQL. Company employees engaged in surveys through a mobile application, evaluating the perfor-
mance of a service integrated into the information system. The collected data underwent processing
using an artificial intelligence model (Sentiment Analysis). The study revealed that the AT model
accurately assessed positive and negative content. However, when users provided responses that
specifically detailed the performance of the embedded service, the Al model tended to assign a neutral
rating. In tasks requiring specific observations in survey responses, neutral evaluations carry a
certain weight. Consequently, the Power BI dashboard, incorporated into our system for managerial
use, displays the number of positive and negative evaluations alongside neutral content. This allows
managers to easily review neutral feedback and make informed decisions. © 2024 Bull. Georg. Natl.
Acad. Sci.

automatic content recognition, artificial intelligence, Azure SQL, Al Builder

In the context of international economic integration ~ Traditional feedback collection from customers

and globalization, new challenges and requirements
emerge, necessitating a fundamental transforma-
tion of existing production organizations. The
effective utilization of production resources, the
automation of business processes, and the high-
level integration of customers and business partners

in creating new value are of paramount importance.

typically involves the use of questionnaires.

The task of sentiment analysis involves classi-
fying emotions as either positive or negative, and
often, companies are less concerned with neutral
opinions. This paper presents the results of rese-
arch conducted in this area.

The concept of digitization should be examined

from various perspectives. Digitization primarily

© 2024 Bull. Georg. Natl. Acad. Sci.
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entails the transfer of real-world data into computer
systems, their storage, and their conversion into
different formats. It encompasses the planning of
all business processes, the processing of extensive
databases through computer technologies, and the
utilization of intelligent analysis systems [1] for
swift information processing.

The significance of a customer to a company
extends beyond monetary impact; it is also influe-
nced by the level of their contentment. Contented
customers actively share positive experiences, whe-
reas dissatisfied ones may communicate negative
feedback. This collective voice significantly contri-
butes to shaping the company's reputation, a pivotal
factor in consumer decisions regarding products,
services, or companies.

Sentiment analysis has proven to be a valuable
tool to gauge public opinion in different disciplines.
It has been successfully employed in financial
market prediction [2], health issues, customer
analytics, commercial valuation assessment, brand
marketing, politics, crime prediction, and
emergency management [3]. To assess customer
satisfaction, businesses must obtain valuable
feedback directly from consumers. Conventionally,
one common method for collecting such feedback
is through the use of questionnaires. These user
point-of-views are used by manufacturers, com-
panies, small and large business owners andorga-
nizations to assess customer feedback and review,
evaluate the market response and study user
complaints, preferences, liking, favors to provide
improved product andbetter customer assistance
and support and directly increaseits business profits
[4]. Sentiment analysis is the process of gathering
and analyzing people’s opinions, thoughts, and
impressions regarding various topics, products,
subjects, and services. People’s opinions can be
beneficial to corporations, governments, and
individuals for collecting information and making
decisions based on opinion [5].

The task of sentiment analysis in its basis is the

task of classifying expressed feelings, usually to
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positive or negative ones. Neutral opinions are
expressed less frequently than positive/negati-
veones and have significantly less or no influence
onthe other customers opinions. Therefore,
companies are often not interested in them [6].
Current studies mostly concentrate on multi-
label sentiment classification, while filtering out
neutral opinions/sentiments. Due to the unavai-
lability of proper knowledge of handling neutral
opinion, the exclusion of neutral sentiment might
lead to disruption in optimal decision-making or

valuable information loss.

System Design

Currently, we are witnessing a digital transforma-
tion sweeping through the business world. To
maintain competitiveness, businesses must identify
and employ new technologies that result in changes
to their operational processes [7]. The Microsoft
Power Platform is a technology that provides
solutions to these challenges and plays a critical
role in propelling digital transformation [8]. Al
Builder empowers businesses to leverage artificial
intelligence models for process automation. Fur-
thermore, the integration with Power Apps and
Power Automate simplifies the utilization of Al.

Our objective was to create a system that simp-
lifies the analysis of survey text for an organiza-
tion's manager using artificial intelligence. Simul-
taneously, we aimed to conduct research to assess
the effectiveness of an Al sentiment recognition
model tailored to a specific survey.

This work introduces an information system
developed using Power Apps, Power Automate, Al
Builder, and Azure SQL. With a mobile application
designed using Power Apps, employees of the
company record their opinions. After selecting the
save button, a workflow created using Power Auto-
mate initiates, invoking the Sentiment Analysis
artificial intelligence model within Al Builder. The
Sentiment Analysis model automatically detects
and categorizes the content of text written in
English.
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The code written in Power Fx language has the
following form:

Set(TextInputSentiment, 'Sentiment
analysis'.Predict(TextInputl.Text).Document.Top
Sentiment);

IfError(TextInputSentiment,
Notify(FirstError.Message,NotificationType.Error
));

Patch(finals,Defaults(finals),

{

Title:TextInputl.Text,

Sentiment Type:TextInputSentiment.Name,
Confidence: TextInputSentiment.Confidence * 100
&"%"

1)

Texts entered by users and corresponding senti-
ments are stored in a database created in Azure
SQL. The SQL query counts the received responses
by sentiment:

select results, count(surveys) as countsentiment
from survey group by results

For this study, a newly implemented service
within the Enterprise Resource Planning (ERP)
system, which was operating in a testing mode, was
chosen. Employees were tasked with evaluating the
performance of this service, identifying both its
strengths and weaknesses, and providing recom-

mendations for improvement.

As can be seen from the Table, the artificial
inte-
lligence model of automatic content recognition
accurately estimated the content of positive and
negative content. Answers 2, 3 and 7 in the Table
have a neutral rating. If the response given by the
user does not clearly reflect positive or negative
content and specifically describes the performance
details of the embedded service, then the AI model
for automatic content recognition assigns it a neut-
ral rating. In this case, it is the neutral content that
contains important information for the company.

Thus, research has shown that in this particular
example, it is preferable for a person to rate neutral
content. Therefore, on the Power BI dashboard cre-
ated for the manager, only neutral content is
displayed, he will be able to easily look at the

neutral content and make an appropriate decision.

Conclusion

Consequently, the research unveiled that the
artificial intelligence model for automatic content
recognition adeptly identified both positive and
negative evaluations. Notably, neutral evaluations
in the specific research held a considerable weight,
warranting attention. Consequently, we devised a
visualization for managers that includes not only
positive and negative content but also information
with neutral content. Through this approach, our
designed system will assist company management
in effectively processing data and making informed

decisions.

Table. Some results of the artificial intelligence model of sentiment analysis (taken from Al Builder)

Text Sentiment | Sore
1 | When I select Save button, the web-page freezes for a long time negative 56%
2 | I want a top menu for navigation neutral 85%
3 | I need a new web page for the departments neutral 73%
4 | The truck delivering the material arrived on time after using new software positive 92%
5 | HR documents folder contains many old documents negative 59%
6 Wher} I selected the Update bqtton thp data changed in the Products window, but negative 599,

remained the old one in the Delivery window.
7 | When I want to change the price of a product, I have to go to three different websites | neutral 98%
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